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Abstract

Women continue to be underrepresented in corporate leadership positions. This paper stud-
ies the role of social connections in women’s career advancement. We investigate whether
access to a larger share of female peers in business school affects the gender gap in senior
managerial positions. Merging administrative data from a top-10 U.S. business school with
public LinkedIn profiles, we first document that female MBAs are 24% less likely than male
MBAs to enter senior management within 15 years of graduation. Next, we use the exogenous
assignment of students into sections to show that a larger proportion of female MBA section
peers increases the likelihood of entering senior management for women but not for men. This
effect is driven by female-friendly firms, such as those with more generous maternity leave
policies and greater work schedule flexibility. A larger proportion of female MBA peers in-
duces women to transition to these firms where they attain senior management roles. A survey
of female MBA alumnae reveals three key mechanisms: (i) information sharing, especially
related to gender-specific advice, (ii) higher ambitions and self-confidence, and (iii) increas-
ing support from male MBA peers. These findings highlight the role of social connections in
reducing the gender gap in senior management positions.
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1 Introduction

The glass ceiling—the barrier that females and minorities face in obtaining upper-level posi-
tions—has been enduring. Despite decades of progress in labor force participation and university
enrollment, women remain underrepresented in top corporate leadership positions. For example,
in the S&P 1500 companies, women make up 40% of the workforce but hold only 6% of CEO
positions (Hindlian et al., 2018). The gender gap widens at each step of the corporate ladder (Lean
In and McKinsey & Company, 2020). Women not only face slower promotion rates than men,
but also encounter additional challenges in the workplace, such as biases in performance evalua-
tions, limited access to high-impact networks, and greater work-life balance constraints (Goldin,
2014; Bertrand, Black, et al., 2019; Lalanne and Seabright, 2022; Cullen and Perez-Truglia, 2023;
Chakraborty and Serra, 2023). To the extent that managerial talent is equally distributed across
genders, the underrepresentation of women in executive roles can be indicative of talent misalloca-
tion (Hsieh et al., 2019).! Due to the potential aggregate consequences of female underrepresenta-
tion in executive positions, understanding the barriers to advancement along the corporate pipeline
is critical.

This paper studies whether access to a larger share of female peers in business school helps
women reach leadership positions. Although a growing literature shows that social connections
formed during business schools have long-lasting impacts on future career outcomes, little is
known about how they affect the gender gap in leadership positions.> A priori, the effect of the

gender composition of social connections is ambiguous. On one hand, women may benefit from

ISince executives have significant influence on firm performance, the loss of female talent along the corporate
pipeline may translate into lower firm productivity (Bertrand and Schoar, 2003; Bloom and Reenen, 2007; Bloom,
Eifert, et al., 2013; Rasul and Rogger, 2018). Beyond influencing their own firm’s performance, female managers may
act as role models and implement policies to reduce barriers for other women in the corporate sector (Chattopadhyay
and Duflo, 2004; Beaman, Chattopadhyay, et al., 2009; Beaman, Duflo, et al., 2012; Bhalotra, Clots-Figueras, and
Iyer, 2018). Thereby, female leaders can contribute to a more gender diverse and inclusive corporate culture.

2Examples of career outcomes affected by higher education peers are firm choice, likelihood of entrepreneurship,
and executive decisions (Lerner and Malmendier, 2013; Shue, 2013; Yang, Chawla, and Uzzi, 2019; Gorshkov et al.,
2021).



information and support from same-gender peers. For example, female connections can provide
women with gender-specific information on which firms are more supportive of women’s careers
and how to take advantage of female-friendly policies, such as maternity leave and flexible work
schedules. On the other hand, social connections created with men may be more beneficial, given
that men are more likely to have larger networks and hold more powerful positions. As a result,
the role of female peers in closing the gender gap in management is largely an empirical question.

Identifying the causal impact of female peers on management outcomes is empirically chal-
lenging. First, peers and networks are likely to be endogenous. Unobservable characteristics, such
as extroversion, likely determine both the composition of an individual’s network and their likeli-
hood of attaining leadership positions. Second, answering this question requires data on long-run
career trajectories with detailed information on managerial positions.

To address the first challenge, we leverage a quasi-experimental setting provided by the Master
of Business Administration (MBA) program at a top U.S. business school. At the beginning of the
program, school administrators quasi-randomly assign students into sections based on alphabetical
order. Students in the same section take core classes together and form strong social ties. We
exploit the exogenous variation in the gender composition of the sections to study the effect of fe-
male peers on the probability of achieving a senior management position, defined as Vice President
(VP), Director, Senior Vice President, or C-level executive.

We address the second issue by building a dataset with CV information from public LinkedIn
profiles. In addition to complete education and employment history, this dataset contains two key
pieces of information. First, it has job titles which allow us to identify an individual’s progression
along the managerial pipeline. Detailed information on hierarchical positions within management
is usually unavailable in commonly used employment panel data in the literature. Second, it con-
tains the names of employers, which enables us to merge in firm attributes that the literature has

hypothesized to be important for women’s career progression (Goldin and Katz, 2016; Hotz, Jo-



hansson, and Karimi, 2018). Specifically, we use metrics of female-friendly characteristics from
InHerSight.com, an online platform where female employees rate their companies. Our dataset
allows us to identify firms with work cultures and policies that aim to help women balance their
work-family responsibilities and support their career advancement. Some examples of such poli-
cies include maternity leave, flexible working schedules, and female mentoring programs.

In the first part of our analysis, we document new descriptive facts on the gender gap along
the management pipeline. Although 96% of male and female MBA graduates enter management
roles within the first 15 years post MBA, women are 24% less likely to hold senior management
positions. This gender gap emerges as early as the first year after the MBA and persists for at least
15 years.

Then, in the main analysis, we use the exogenous assignment of students into sections to doc-
ument the effect of peer gender composition on women’s career advancement. First, we show
that having a higher proportion of female section peers during the MBA increases women’s ad-
vancement into senior leadership positions. A 4 percentage point, or one standard deviation (SD),
increase in the share of female MBA students leads to an 8.4% increase in the probability of hold-
ing a senior management position for women in the first 15 years after MBA graduation.> In
contrast, there is no effect on male students. The overall estimated effect for women is economi-
cally significant and translates into a 26% reduction in the management gender gap. While we find
no significant impact on compensation or firm pay level, we observe a positive effect on women’s
career satisfaction. Importantly, the increase in senior management is not driven by a shift toward
smaller firms, where it may be easier to reach higher positions on the corporate ladder, or changes
in job function. The increase in female managers includes those with Profit and Loss (P&L) re-
sponsibilities, which have been shown to be important for executive promotions. Furthermore, we

find the largest effects in male-dominated industries, where women are underrepresented. These

3A 4 percentage point increase along the female share distribution corresponds to 2.4 additional women, and is
also equivalent to moving from the 25" (32%) to the 75™ (36%) percentile.



results suggest that female MBA peer networks are important in industries where women are more
likely to face barriers in accessing informal networks in the workplace.

In the next part of our paper, we investigate how firm characteristics play a role in explaining
our main results. We show that our results are driven by female-friendly firms, firms that are
characterized by policies such as maternity leave and flexible working schedules. We show that
women with more female peers are more likely to transition into these firms 6 to 10 years after
MBA graduation, when women are These results suggest that the support of female peers may be
more effective at a point in the career path when the gender gaps in the labor market start widening
(Bertrand, Goldin, and Katz, 2010; Kleven, Landais, and Sggaard, 2019).

Finally, we conduct a survey of the full sample of female MBA graduates in our study to provide
evidence of the mechanisms underlying our main results. Our findings show that female peers help
women advance into senior management positions through (i) information sharing, (ii) raising
ambitions and self-confidence, and (iii) increasing support from male MBA peers. Women rely on
their female MBA peers for gender-specific information and advice. In line with this hypothesis,
we observe that women with more female peers experience fewer adverse career effects from
having children. As a proxy of referrals and information sharing about employers, these women
are also more likely to work in the same firms as their female section peers, especially when these
firms are female-friendly. Additionally, female peers raise women’s ambitions and self-confidence,
providing emotional support and acting as role models. Interestingly, we also document that male
MBA peers are perceived as more supportive as the female representation in the section increases,
suggesting that a more gender-diverse MBA environment can foster a more supportive network for
female MBA graduates.

Our study contributes to three strands of literature. First, our paper contributes to the large lit-
erature on gender differences in the labor market and their determinants (e.g., Olivetti and Petron-

golo, 2016; Blau and Kahn, 2017).* For MBA graduates, seminal work by Bertrand, Goldin, and

“These studies have highlighted many potential explanations that, among many others, include differences in labor
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Katz (2010) shows that despite similar initial earnings, a large gender gap of nearly 60 log points
emerges in the decade after graduation, driven by career discontinuity and shorter working hours
for women. Relative to this literature that has focused on earnings, industry choice, and labor
supply, we provide evidence on management positions. In doing so, we speak to the growing lit-
erature on the gender promotion gap (Bertrand and Schoar, 2003; Matsa and Miller, 2011; Cullen
and Perez-Truglia, 2023; Haegele, 2024; Azmat, Cufat, and Henry, 2024; Giorcelli, 2024). Due to
data limitations, most evidence has been restricted to top managers of publicly-traded companies
or based on proprietary data from individual firms. We are able to trace individuals’ positions along
the managerial pipeline across multiple firms and follow their career progression over time. We
contribute to the gender gap literature by documenting that female MBA graduates are less likely
to be promoted and are increasingly underrepresented in management positions despite having
similar educational backgrounds as their male counterparts. Additionally, we use the exogenous
assignment of students to peer groups to show that the gender composition of MBA peer networks
can be an important determinant of the gender gap in leadership positions.

Second, our paper speaks to the large literature on social interactions and career outcomes (e.g.,
Granovetter, 1973; Calvo-Armengol and Jackson, 2004; Beaman and Magruder, 2012; Schmutte,
2015).5 Peer effects have been widely documented in many settings, including education, manage-
rial decision-making, and entrepreneurship.® The most related papers in this literature study the
importance of gender composition on women’s decisions to enter male-dominated fields, as well
as their performance in these fields (Schneeweis and Zweimiiller, 2012; Anelli and Peri, 2017,

Goulas, Megalokonomou, and Zhang, 2018; Olivetti, Patacchini, and Zenou, 2020; Brenge and

supply (Bertrand, Goldin, and Katz, 2010), family responsibilities (Kleven, Landais, and Sggaard, 2019), preferences
for risk and competition (Niederle and Vesterlund, 2007; Buser, Niederle, and Oosterbeek, 2014; Wiswall and Zafar,
2015; Mas and Pallais, 2017), and marriage market concerns (Bursztyn, Fujiwara, and Pallais, 2017).

5In the MBA context, Yang, Chawla, and Uzzi (2019) shows that the centrality of MBA students in their social net-
works, measured using email correspondences during the MBA, can predict first post-MBA placement into leadership
positions.

®For example, Epple and Romano (1998), Sacerdote (2001), Zimmerman (2003), Stinebrickner and Stinebrickner
(2006), and Lavy and Schlosser (2011). In the MBA context, notable examples are Lerner and Malmendier (2013),
Shue (2013), and Hacamo and Kleiner (2021).



Z6litz, 2020; Bostwick and Weinberg, 2022; Calkins et al., 2023). The results of these studies have
largely been mixed. In some cases, more female peers can help women persist and excel in male-
dominated fields and careers (Bostwick and Weinberg, 2022; Borges and Estevan, 2024), whereas
in other settings, more female peers lead female students to choose more female-dominated fields
(Brenge and Zolitz, 2020; Zolitz and Feld, 2021). For example, recent work by Thomas (2024)
finds that an increase in the share of male students leads to an increase in the salaries of female
MBA students at graduation and a greater likelihood of working in high-wage industries. While
these studies mainly focus on compensation or major choices, we contribute to this literature by
investigating how the gender composition of peers affects women’s career trajectory into lead-
ership positions. Moreover, the long-run panel structure of our data allows us to show that the
networks formed during graduate school are not only sustained but also have important and persis-
tent impacts on the careers of women in the decades after graduation. Additionally, disentangling
the underlying channels leading to peer effects is intrinsically hard. Our paper sheds light on the
mechanisms using survey evidence, showing that female peers support women’s career advance-
ment through information sharing, raising ambitions and self-confidence, and increasing support
from male peers.

Finally, this paper contributes to a growing literature on female-friendly firm policies such as
maternity leave, childcare, and flexible working schedules (Goldin and Katz, 2016; Mas and Pal-
lais, 2017; Hotz, Johansson, and Karimi, 2018; Cortés and Pan, 2019). This literature investigates
the role that workplace attributes play in the career divergence of women and men, with the onset of
parenthood. We contribute to this literature by showing that one potential mechanism for how fe-
male peer networks can assist in female advancement into senior management is by increasing the
rate at which women enter these firms. Our results highlight that there may exist complementarities
between the availability of these firm-level policies and the gender-specific information provided

by female peers. In doing so, our paper provides evidence of how gendered social networks can



facilitate information sharing about the amenities and attributes of prospective employers that may
be difficult to observe (Sockin and Sojourner, 2023).

The paper is organized in the following way. Section 2 describes the setting. Section 3 presents
the data used in the analysis. Section 4 illustrates descriptive evidence on the gender gap in man-
agerial positions along the pipeline. In Section 5, we turn to the role of female peers in the gender
gap in management. Within this section, we present the empirical strategy (Section 5.1) and the
main results (Section 5.2). We then explore the role of female-friendly firms (Section 6). In Section
7, we investigate potential underlying channels through which female peers help women advance

into management positions. Finally, Section 8 concludes.

2 Background

Our study studies the career outcomes of full-time two-year MBA graduates from a top business
school in the United States. This setting is well-suited for studying the relationship between peers
and the gender gap in management positions for three reasons. First, MBA programs explicitly
prepare students for managerial roles. Bertrand and Schoar (2003) and Bhagat and Subramanian
(2010) both find that around 40% of CEOs hold an MBA degree. Second, prior research shows that
social networks formed during MBA programs shape post-graduation outcomes, including firm
choice (Hacamo and Kleiner, 2020), entrepreneurship (Lerner and Malmendier, 2013), executive
decisions (Shue, 2013), and compensation (Yang, Chawla, and Uzzi, 2019; Thomas, 2024). In
fact, business schools often highlight peer networking opportunities as an important benefit of
the educational experience (Zimmerman, 2019; Kalsi and Samuels, 2019). Finally, this setting
allows us to exploit the exogenous variation in female peers due to the quasi-random assignment
of students to sections, overcoming one of the key empirical challenges in the estimation of peer
and network effects.

Each year, at the beginning of the program, incoming MBA students are quasi-randomly as-
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signed to one of eight sections based on alphabetical order.” Each section has around 60 students,
whom we define as peers. Students within the same section are required to take all core classes
together during the first year, which represent around 20% of the MBA curriculum. In the second
year, students can choose elective courses and thus may not be in the same classes as their section
peers. Students are typically not allowed to change sections and faculty are not matched to sections
based on section characteristics. The explicit aim of sections is to foster close ties and networking
among peers. Prior studies and anecdotal evidence suggest that students form and maintain close
bonds with peers in their section (Lerner and Malmendier, 2013; Hacamo and Kleiner, 2016; Ha-
camo and Kleiner, 2021). For this reason, it is plausible that peers may affect managerial career
outcomes.

The school aims to achieve balance over three characteristics: gender, undergraduate institu-
tion, and ethnicity. The assignment is implemented by the following three steps: 1) students are
assigned to eight sections in alphabetical order; 2) the balance across gender, ethnicity, and under-
graduate institution is checked; 3) if a section exceeds predefined thresholds for any characteristic,
students are randomly reassigned to hit the target. For this reason, the balance is imperfect and
there is meaningful variation in the proportion of female peers across sections within the same
graduating class, as shown in Figure 1a. We exploit this variation to study the effects of gender
composition on managerial outcomes. The average female share at the section level is 34%, with
a standard deviation of 4 percentage points. In Figure 1b, we present the boxplot of the share of
female MBA graduates by graduating year. One standard deviation corresponds approximately to
moving from the 25" (32%) to the 75" (36%) percentile. The proportion of female peers ranges
from 19% at the 1% percentile to 45% at the 99" percentile.® In Section 5.1, we show that the

assignment of students to sections is as good as random.

"Specifically, the first student in alphabetical order is assigned to section 1, the second to section 2, and so on, until
the eighth student is assigned to section 8. After that, the ninth student is assigned to section 1, the tenth to section 2,
and so on.

8We computed these statistics by residualizing the share of female students by the graduating class and adding
back the mean.



3 Data

We combine four sources of data: (i) school administrative data to construct the gender composi-
tion of section-mates, (ii) LinkedIn data for CV information on the entire education and employ-
ment history, (iii) data on employers’ characteristics from a variety of sources, and (iv) alumni
survey data for additional information such as timing of childbearing. This section provides an
overview of the data sources and how we merge them together. We provide additional details in
Online Appendix Section B. In Table 1, we summarize the match rate across the different datasets
in our sample and, importantly for the validity of our empirical strategy, we test whether the match

rate is correlated with the share of female peers.

3.1 Business School Administrative Data

Aggregate statistics on the gender and racial composition of each MBA section are provided by the
university administrators, which we use to construct our treatment variable (i.e., share of female
students per section) for the universe of MBA students from cohorts graduating between 2000 and
2018.

For MBA students graduating between 2011 and 2018, we also have individual-level school ad-
ministrative data with information on demographics, pre-MBA educational background including

GMAT scores, academic outcomes, and information on first job placement.

3.2 LinkedIn Profile Data

Data on employment and education background for two-year full-time MBA graduates who grad-
uated between 2000 and 2018, excluding 2009, are obtained from public LinkedIn profiles, a pro-
fessional networking social media platform. Class of 2009 is excluded due to lack of information

on student section assignments, as described below. LinkedIn profiles provide CV information on



full education and employment history. The data include names of employers, start and end dates
of employment, job titles, job location, schools attended, degrees received, and graduation dates.
Because individuals create new entries for each job position, even within the same firm, the data
allow us to track promotions within and across firms. Using the start and end dates of each posi-
tion, we parse the CV data to create a yearly panel. We define nonemployment as periods without
an observed job entry.

We match MBA graduates to their LinkedIn profiles using two methods. First, for cohorts
graduating between 2011 and 2018, university personnel securely matched school administrative
records to public LinkedIn profiles. Second, because administrative records are not available for
earlier cohorts, we use alumni directory records to identify MBA graduates from 2000 to 2010.
The matching is done manually using web searches based on information available in the alumni
directory: first name, last name, and year of graduation.” We successfully match 95% of all stu-
dents to their alumni profiles and this match rate is not correlated with the share of female peers
when class fixed effects are included (Table 1).

The alumni directory also reports MBA section assignments, which we use use to assign to
each graduate the proportion of female students in their section (the key treatment variable for
our analysis), calculated using administrative data. Online Appendix Section B.4 provides addi-
tional details on the alumni directory sample and matching procedure. We exclude the class of
2009 because most graduates have private or missing alumni profiles, preventing assignment to
sections.!”

Our final analysis sample is restricted to MBA graduates currently based in the United States,

using locality information on the LinkedIn profiles.!! We focus on career outcomes from one to

9We used undergraduate institution and current employer to confirm any potential matches.

10Tn 2009, only 94 out of 526 graduates had available directory records. Note that 2009 was the year where the
employment rate fell for many business school programs. At the top ten business schools, MBA employment rates at
graduation dropped an average of 21% from 2007 (Byrne, 2020).

""There are two motivations for this restriction. First, because we obtain the sample of LinkedIn profiles via web
searches on the U.S.-based LinkedIn webpage, individuals based outside of the United States with U.S. LinkedIn
profiles may be a selected sample. Second, peer ties are likely stronger in the United States, as a vast majority of

10



fifteen years post-MBA graduation. Table 1, Panel A, shows that, across all cohorts, we match
77% of the full-time MBAs to their public LinkedIn profiles. Importantly for the validity of our
analysis, the matching rate is uncorrelated with the share of women in the section for both male
and female students, once we include class fixed effects.
Gender

Information on gender is available in the administrative data for cohorts graduating between
2011 and 2018; however, this information is not available for earlier cohorts, nor is it reported in the
alumni directory or LinkedIn data. Therefore, we infer gender using customized name-matching
algorithms that compare graduates’ first names to established names databases.'> Extending this
method to cohorts with administrative gender records (2011-2018) shows that this approach cor-

rectly identifies gender in 96% of cases.

3.3 Firm Data

We link firm-level information to individual records using organization names reported for each
position in the LinkedIn CV data. Table 1, Panel B, presents match rates to firm datasets at the
person-year level. Across datasets, match rates are not significantly correlated with the share of
female peers for women once class-by-year fixed effects are included. For men, match rates to
firm datasets are negatively correlated with the share of female peers, so results involving firm
characteristics for men should be interpreted with caution. That said, our analysis for men focuses

on the outcome of holding a senior management position. For this outcome, we only require a

graduates remain in the country. The role of networks may also differ substantially across different countries with
different labor market structures and cultural norms. While our analysis focuses on U.S.-based individuals, female
peer proportions are calculated using all classmates, including those who eventually work outside the U.S.

2These include the U.S. Social Security Administration baby name data, the U.S. Census data in the Integrated
Public Use Microdata Series, and census microdata from Canada, Great Britain, Denmark, Iceland, Norway, and
Sweden from 1801 to 1910 created by the North Atlantic Population Project. We compare the first names of the
alumni in our data to these databases using the R package, “Gender” (https://cran.r-project.org/web/
packages/gender/gender.pdf). A graduate is classified as female if at least two sources identify the name as
female; unmatched cases are verified through targeted web searches on various online sources such as news and social
media platforms.
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match to the LinkedIn dataset, which is not significantly correlated with female share for both
genders.

The firm-level data comes from several sources. First, we collect LinkedIn company profiles,
which provide information on the number of employees and industries. 85% of the person-year
observations are matched to a LinkedIn company profile.

Second, we complement our dataset with compensation data from Glassdoor.com (matched to
68% of person-year observations). This dataset contains 10.5 million self-reported compensation
records for 639,422 firms from 2006-2017, and reports base annual compensation and additional
compensation in terms of cash or stock bonus, profits sharing, sales and commission, and tips.
Because the data has information on the gender and job position for each record, we construct
firm-level measures such as the gender gap in compensation for all employees and for managers.
We also utilize this dataset to impute compensation for each individual by assigning each person
the average compensation for the firm, gender, and job level (non-manager, first-level manager, or
senior-level manager).'?

Third, we collect information on female-friendliness of firms from three sources. Our pri-
mary dataset on female-friendly workplaces comes from the online platform, InHerSight.com. We
matched 54% of observations to this source.'* This platform contains crowdsourced data on firm
policies that may be relevant for women’s careers. We obtain employee ratings on metrics that
include work flexibility, parental leave policies, mentorship, and female representation in man-
agement, as well as an overall female-friendliness rating. This overall rating is constructed using
all the metrics collected on each firm. We provide the full list of metrics and a description of
the indices in Online Appendix Section B.6.1. We define a firm to be female-friendly if it has

an above-median rating on InHerSight.!> In addition to data from InHerSight, we collect data on

I3 Note that we do not disaggregate by year of the salary because the cell sizes over which the average compensation
would be calculated become too small.

“In Online Appendix Section F, we show our results are unchanged when we restrict to the sample with data on
female-friendliness.

SWe use the number of ratings to weight statistics related to InHerSight.
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overall firm ratings and number of weeks of paid parental leave from another, but smaller, crowd-
sourced platform, FairyGodBoss.com (matched to 37% of the sample). Lastly, we acquire data
on female board members for public firms listed on the Russell 3000 Index from 50/50 Women
On Boards (matched to 31% of the sample). We provide additional details on these measures of
firm female-friendliness in Online Appendix Section B.6.2. Online Appendix Section B.6.3 shows
that the primary IHS measure is positively correlated with all these different metrics. To provide
further validation of the IHS measure, Online Appendix Section H.5 shows that THS is strongly
related to perceived level of overall female-friendliness using the survey responses of female MBA

graduates in our sample.

3.4 Survey Data

We conducted a survey in 2023 and 2024 on the full sample of female graduates from the classes
of 2000-2018, excluding 2009.'® The survey design was informed by qualitative interviews with
45 female MBA graduates (see Online Appendix Section I for details.) We collect information in
five areas identified in the interviews as important for MBA graduates’ careers: (i) networking and
the role of MBA peer support, (i) family background, such as marital status, children, and spousal
income, (iii) current employment, job position, and past career breaks, (iv) negotiations, and (v)
ambitions and self-confidence.!” The response rate is 10% for a total number of 283 responses.'®
Online Appendix Table H.1 shows that nonresponse is not correlated with pre-MBA characteristics,

female share, or likelihood of being a senior manager post MBA.

16Dye to limitations imposed by alumni services and the Dean’s administrative office on the number of individuals
we are permitted to survey, we restrict our sample to female alumnae.

17 Additional details are provided in Online Appendix Section H, including the questionnaire in Online Appendix
Section H.2.

$While our response rate is lower than those reported in Bertrand, Black, et al. (2019) (31%) and other surveys
of managers such as Bandiera et al. (2020) (17%) and Thomas (2024) (18%), it falls within the typical range for
CEO surveys, which span between 9% and 16% (Graham, Harvey, and Puri, 2013). Additionally, it is comparable to
response rates from other individual-level survey collections, such as Caldwell, Haegele, and Heining (2025) (11.4%).
Finally, our response rate of 10% is at the high end of the typical response rate for surveys administered by the alumni
office.
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3.5 Definition of Managers

Our main outcome of interest is attainment of senior management roles.!” A key advantage of
our CV dataset is the availability of exact job titles, which allows us to identify managerial posi-
tions based on keywords. This type of information is typically not available in large-scale surveys
or datasets such as the Census or administrative tax data, where all managerial positions are of-
ten grouped under a single occupational code. Following the guidelines offered by Lean In and
McKinsey & Company (2020), we use common keywords in the job titles to identify managers

99 ¢

(“manager,” “supervisor”), Directors (“director”), Vice Presidents (“VP”), Senior Vice Presidents
(“SVP”), and C-level executives (“Chief X Officer”). These positions form the corporate manage-
ment ladder, allowing us to trace the gender gap and the effect of female peers along the pipeline.
Online Appendix Section B.8 provides more details on the construction of these managerial posi-
tions and Online Appendix Section B.8.1 shows that the classification is consistent across indus-
tries. In the rest of the paper, we will refer to: 1) managers as first-level managers and 2) any
positions from director to C-level executives as senior-level managers.?’ In addition to managerial
positions, we also identify founders and entrepreneurs using the keywords “Founder,” “Owner,”
and “Self-employed.”?! In our analysis, we exclude founders from the management outcomes and
instead analyze founders separately.

In Online Appendix Table A.1, to provide supporting evidence for our managers classification,
we present summary statistics by each of these job titles using our survey data. As expected, firm

hierarchy as measured on a 1-5 scale increases along the management pipeline. On average, first-

level managers oversee 11 employees, including both indirect and direct reports, compared to over

“While entry into management positions often reflects a promotion, our primary focus is on capturing managerial
responsibilities—specifically, roles that involve overseeing direct reports or managing headcount.

20Note that in finance, unlike other industries, directors are at a higher position than vice presidents. As a result, we
pool together all senior-level roles in our analysis. We also show our results are robust when we include industry fixed
effects and remove finance from the sample. See Online Appendix Figure F.1.

2'We also use the job titles to classify job functions. See Online Appendix Section B.7 for details on how we define
and identify job functions.
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20 employees for VPs and Directors, and 36 employees for SVP and C-level positions. Weekly
hours worked and compensation also increase with each level of management. In particular, first-
level managers earn $248K in annual compensation compared to over $333K for VPs and Directors

and $541K for SVPs and C-level executives.

3.6 Summary Statistics

Online Appendix Table A.2 presents summary statistics on demographics (Panel A) and pre-MBA
background characteristics (Panel B) for the full sample and by gender, all measured at the person-
level. In our full sample, 36% of students are female. Prior to the MBA, 39% of students held
a management position and 13% held a senior management position. While there is no gender
difference in management experience prior to the MBA, total compensation exhibits a 21% gender
gap.

In Online Appendix Table A.3, we report statistics for academic outcomes measured at the
person level (Panel A) and career outcomes measured at the person-year level (Panel B). During
the MBA, male students have a higher overall GPA by 0.06 points and take 29% more finance

classes as a share of total coursework.?

4 Gender Gap in Corporate Leadership Positions

In this section, we document three descriptive patterns on the gender gap in senior management
among MBA graduates. We show that (i) women are 24% less likely to hold senior management
positions, (ii) this gap emerges immediately after the MBA and persists for at least 15 years, and
(i11) women are less likely to be promoted into senior management from first-level management.

First, despite no gender gap in managerial pipeline entry rates, a gender gap emerges at the

22Previous work has found that the gender difference in finance courses can help explain the gender wage gap for
MBA graduates (Bertrand, Goldin, and Katz, 2010).
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senior management position level. Figure 2 shows the likelihood of ever holding a management
position at each of the seniority levels within 15 years of MBA graduation. Nearly all graduates
(96%) of both genders have held a management position in the first 15 years post-MBA. However,
men are significantly more likely to attain the top three senior leadership positions: VP or Direc-
tor, SVP, and C-level executives. Online Appendix Section C shows a 24% gender gap in senior
management after controlling for class fixed effects, year fixed effects, and class interacted with
year fixed effects. Controlling for gender differences in pre-MBA characteristics, firm character-
istics, industry choice, and gaps in the employment history reduces this gender gap, but a 17.7%
difference in likelihood of holding senior management positions remains unexplained. Given that
there are no gender differences in overall management positions, these patterns suggest that, while
female MBA graduates enter first-level management at similar rates as men, fewer advance into
senior roles.

Second, the gender gap in senior leadership positions emerges immediately post MBA and
persists over time. Figure 3 plots the dynamics in the likelihood of holding any senior-level man-
agement position over the years since MBA graduation.?® The figure points to a persistent gender
gap in senior leadership roles, starting at 9 percentage points at the outset of the post-MBA career
and widening to 15 percentage points eight years after graduation. Women begin their careers in
management positions at lower levels or in non-management roles, and they do not catch up in the
years post MBA. While 74% of men are holding a senior management position in year 15, only
59% of women are. The widening gender gap is consistent with what has been shown in a similar
population for compensation by Bertrand, Black, et al. (2019). However, the divergence in senior
management is less striking, suggesting that even within the same job position, women and men
may be compensated differently. In Online Appendix Table A.4, we investigate the determinants
of becoming a senior manager in the first five, ten, and 15 years post-graduation by gender. We

find that initial placement in finance or consulting in the first year post-graduation plays a key role

Z3Note that these results are unconditional on employment.
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for men in the first five and ten years after graduation. For women, having worked in finance—
either prior to the MBA or as initial placement—is more strongly associated with senior leadership
attainment in the longer term, 15 years after graduation.

Third, we show that women are less likely to transition into senior-level management positions
from first-level management positions. In Figure 4, we plot the five-year transition probabilities for
first-level managers into either a senior management position, non-management position, nonem-
ployment, or remaining in the same position.?* We show that 57% of men in first-level management
roles transition into a senior management role in the next five years compared to 43% of women.
This difference is significant at the 5% level and suggests that women are not being promoted
at the same rate as men. Women are also more likely to move to non-management positions or
nonemployment, suggesting lower persistence in managerial positions. However, the gender gap
in persistence is unlikely to explain the gender differences in representation in senior management
positions given the smaller magnitudes of the transitions into lower positions.

The results indicate that female MBAs are less likely to reach senior leadership roles despite
entering management at similar rates as male MBAs. They start at lower levels and are less likely to
advance through the management pipeline, leading to a persistent gender gap in senior management

that remains unchanged over 15 years.

S5 The Role of Female Peers in the Gender Gap in Management

We now investigate a potential determinant of the gender gap in senior management: the gen-
der composition of MBA peers. We begin by describing the empirical strategy for identifying
the causal impact of female peers on management. Then, we present the main results on senior

managers.

24Nonemployment is identified based on gaps in the reported work history.
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5.1 Empirical Strategy

To identify the causal impact of the gender composition of peers on managerial outcomes, we lever-
age the quasi-random assignment of MBA students to sections described in Section 2. We estimate
a linear-in-means model in which holding a senior management position depends on own gender
and the proportion of female students among MBA section peers. Following Bertrand, Goldin, and
Katz (2010), we use a pooled sample in which we include all observations of an individual such
that each observation refers to an MBA graduate in a given post-MBA year. Specifically, we use

the specification:

Yiket =01 F'emaleShare_; . x Male; + agFemaleShare_; ;. X Female;+

+ azFemale; + Z (0c + @1 + wer) X I(Female; = 7) + XipetY' + €inet (1

§=0,1

where ;1 1S the outcome of interest, a dummy variable for holding a senior-level manage-

ment position for individual 7 in section k from graduating class c in year since graduation ¢.%

FemaleShare_; . is the proportion of female peers of 7 in section £ and graduating class c.
Female; is a dummy that takes value 1 for female and O for male, while Male; is a dummy that
takes value 1 for male and O for female. The specification also includes a series of class fixed
effects (J.), year fixed effects (¢,), class-by-year fixed effects (w.), and their interactions with
the gender dummy. Class-by-year fixed effects allow us to isolate only within-cohort variation in
female share, while accounting for cohort-specific shocks that could affect all students in a given
class in a particular year. By exploiting within-gender-within-class variation, our coefficients are
not affected by changes in the gender composition of the program over time.

The term X ;.; represents a vector of individual and section-level controls. Because the section

25This outcome is unconditional on employment. That is, in addition to those not in senior management, we also
assign zero to anyone that does not report any work activity in year ¢ on their CV. In Online Appendix Figure F.1, we
show that results hold when we assign missing to individuals without any work activity.
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assignment algorithm aims to achieve balance on gender, undergraduate institution, and ethnic-
ity, we control for having attended a top-20 U.S. undergraduate university based on U.S. News
Ranking. Hereafter, we will refer to this as a stratification variable. Unfortunately, we are unable
to control for ethnicity due to lack of data availability. We also include pre-MBA characteristics
that are predictive of becoming a senior manager: any senior management experience dummy, and
having worked in finance for precision.?® All individual level-characteristics are interacted with
the gender dummy. We also include missing indicators for any of the controls and all of their in-
teractions with a female dummy. Lastly, we include a series of section-level controls. As observed
in Online Appendix Table A.2, gender differences exist across many pre-MBA characteristics. As
a result, a larger share of female peers may capture alternative channels, such as having a larger
share of peers from more female-dominated industries. Following the methodology employed by
Lerner and Malmendier (2013), we control for section-level characteristics that are significantly
correlated with the share of women in the section: share of section with management experience,
senior-level management experience, finance experience, consulting experience, other industry ex-
perience, P&L experience, U.S. locality, and those with white and/or foreign backgrounds (see
Online Appendix Table A.6).2” We cluster standard errors at the section level for all of our speci-
fications.?8

The exogenous variation in female peers allows us to interpret our two coefficients of interest,

a7 and i, as causal. a; and ai represent the total effect of having more section female peers on

the outcome variable for men and women, respectively. a3 captures the gender gap in outcomes

26To identify the predictors, we regress a dummy for holding a senior management position on a female dummy,
class fixed effects, year fixed effects, class interacted with year fixed effects, and pre-MBA characteristics using the
pooled sample. The results of this regression are presented in Online Appendix Table A.5.

?"Share of white and foreign are computed using statistics aggregated at the section level from administrative data
between 2000 and 2018. However, since we have individual administrative data only for years 2011 to 2018, in
computing these shares we cannot leave out the individual, as we do for all other shares. In Online Appendix Section
F, we show that our estimates are robust to alternative sets of controls.

28We cluster at the section level because there may be common shocks that affect the entire section, leading to
correlation in the outcome variable within the section. We show in Online Appendix Section F that our results are
robust to clustering at the class level.
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conditional on controls.
Identification Assumption and Randomization Test

To identify the causal effect of peers, our empirical strategy relies on the idea that the distribu-
tion of female share across sections is as good as random. A natural first attempt is to test whether
the gender of the student is correlated with the female share of the section. However, there is a
systematic negative correlation between the characteristic of the individual and her peers due to
the fact that an individual cannot be her own peer when assignment is done without replacement
(Guryan, Kroft, and Notowidigdo, 2009; Caeyers and Fafchamps, 2024), termed “exclusion bias”
by Caeyers and Fafchamps (2024). We therefore address this issue using two randomization tests
that account for this bias.

First, following Guryan, Kroft, and Notowidigdo (2009), we regress the gender dummy on the
share of female section peers, class fixed effect, as well as the leave-out mean of female share in the
class to account for the exclusion bias.? After controlling for the leave-out mean of female share
in the class, the section-level leave-out mean should be precisely estimated and not significantly
different from zero. Table 2, Panel A, shows that the section-level leave-out mean is not significant
either when using the full sample of cohorts between 2000 and 2018 (Columns 1-2) or when we
restrict to the subsample of cohorts between 2011 to 2018, for which we have administrative data
(Columns 3-4). It also does not depend on the inclusion of covariates.

Second, we implement the randomization test proposed by Caeyers and Fafchamps (2024)
which nets out the asymptotic exclusion bias using an exact formula that accounts for unequal sec-
tion and class size, assuming homoskedastic errors.>® We present the results of the randomization
test in Table 2, Panel B, for the full sample (Columns 1-2) and for the cohorts between 2011 and
2018 (Columns 3-4). The coefficient for female share is insignificant across all specifications with

or without the main set of controls used in our baseline specification.’! As additional evidence,

2See Online Appendix Section D.1 for details on this randomization test.
30See Online Appendix Section D.2 for details on this randomization test.
3INote that when implementing this test with covariates, we first partial out additional regressors using the method-
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in Online Appendix Table A.7, we conduct the same randomization test for women to show that
the sections are also balanced across various pre-MBA characteristics of female MBAs, suggesting
that sections with a higher share of women are not systematically different in the characteristics of
women they include. The results of these tests suggest that the distribution of female share is in
fact as good as random in both samples, and provide strong support for the validity of our empirical
Strategy.

Finally, in Online Appendix Section E, we compare the actual distribution to a simulated
within-class distribution of female share, following Bietenbeck (2020). We find no statistically
significant difference between the actual and the simulated distribution, providing supporting evi-

dence of as-good-as-random assignment of the share of female peers.

5.2 Effect of Female Peers on Management Roles

In this section, we will first show that female peers increase women'’s likelihood of holding senior
management positions. We will explore the dynamic effects and investigate the job characteristics
of the senior management positions. We will then study whether this increase can be explained by
changes in female MBAs’ attachment to the management pipeline in terms of career breaks, entries
into general management roles, or self-employment. In Online Appendix Section F, we present a

series of robustness checks and empirical tests to support our results.

5.2.1 Effect on Senior Management

We begin by characterizing the impact of female peers on the likelihood of holding a senior man-
agement position. Figure 5 shows the binned scatterplot of the relationship between female peers
and the probability of becoming a senior manager. Each dot represents the average likelihood of

holding a senior management position within each decile of female share. Figure Sa controls only

ology described by Caeyers and Fafchamps (2024).
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for class fixed effects, while Figure 5b residualizes both variables using the full set of controls
from the main specification (1). Importantly, Figure 5b shows the within-gender and within-class
variation. Both figures show a strong positive relationship for female graduates and limited effects
for male graduates.

Table 3 reports the corresponding estimates. Column (1) controls for class, year, and class-
by-year fixed effects and their interactions with a female dummy. Column (2) adds stratification
controls. Column (3) further includes individual-level characteristics, as described in Section 5.1,
and Column (4) presents our preferred estimates with the full set of controls, including section-
level controls that are correlated with female share. Across all specifications, we show that female
peers have a significant and positive effect on the career advancement of women.

Using our preferred specification, we find that a 4 percentage point (1 SD) increase in the share
of female MBA students leads to a 8.4% (=0.822x0.04/0.391) increase in the probability of hold-
ing a senior management position over the first 15 years after MBA graduation.* In contrast, there
is no effect on male students. One explanation for these results is the “old boys’ club” hypothesis,
whereby male MBA graduates have greater access to networks in the workplace and rely less on
their MBA networks for their career advancement (Cullen and Perez-Truglia, 2023). Alternatively,
the pattern of results also supports the idea that female and male MBA classmates may be equally
helpful for men. Furthermore, since men dominate the positions that MBA graduates typically
attain, men may be less dependent on MBA networks.

In Online Appendix Table A.8, Columns (1) to (3), we decompose the effects by individual
positions within senior management. We find the largest increase for directors and VPs. We
then show that female peers increase women’s probability of ever holding senior management
positions (Online Appendix Figure A.1). In Online Appendix Table A.9, we show that female

peers increase their years in senior management (Column 1), reduce the time to promotion for

32 A 4 percentage point increase along the female share distribution corresponds to 2.4 additional women and is also
equivalent to moving from the 25" (32%) to the 75 (36%) percentile.
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women who become senior managers (Column 2), and the number of senior management positions
(Column 3). Finally, we show the increase in senior managers comes from both external and
internal promotions (Columns 4 and 5).
Interpretation of Effect Size

To interpret the economic magnitude of our main results, we compare our estimates to the
overall gender gap in leadership positions in our MBA sample. In Online Appendix Table C.1,
we show that female MBA graduates are 12.8 percentage points (24%) less likely to reach senior
leadership positions compared to 54% of men. Our results in Table 3 suggest that a 4 percentage
point (1SD) increase in the share of female MBA students leads to a 3.3 percentage point increase
(8.4%) in the probability of holding a senior management position, equivalent to a 26% (=3.3/12.8)
reduction in the gender gap on average across 15 years after MBA graduation.*® These effects are
economically large and consistent with prior studies that also documented substantial peer effects
in the MBA context (Shue, 2013; Hacamo and Kleiner, 2021).** In sum, our results suggest that

same-gender peers play a crucial role in the career advancement of women.

5.2.2 Dynamic Effects of Female Peers

To understand the dynamics of when female peers help female MBAs transition into senior man-
agement positions, we estimate equation (1) separately for each post-MBA year. Figure 6 plots
the resulting coefficient estimates. The dynamic patterns show that the increase in likelihood of
holding a senior management position for women emerges as early as two years after graduation.

The effect becomes larger over time, peaking around seven years after graduation. The persistent

33 Note that this computation is conservative and does not account for the mechanical effect on the gender gap
coming from the increase in the share of female students. Also, note that the gender gap from Online Appendix Table
C.1 accounts for class times year fixed effects. The raw gender gap, as shown in Table 3, is 14.3 percentage points
27%).

34For example, Shue (2013) finds that Harvard Business School alumni who become top executives at S&P 1500
have compensation and acquisitions propensities elasticities of 10-20% with respect to their section peers. Hacamo
and Kleiner (2021) shows having a connection to an MBA classmate who was a former employee of a top-tier firm
increases the odds of employment at the firm within the first year of graduation by 3.5 percentage points.
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effect of MBA peers is perhaps surprising, given that these peer ties are formed during the MBA
program. However, as highlighted in Shue (2013), connections formed during the MBA can have
long-lasting impacts. In support of this evidence, using our survey data, we show in Online Ap-
pendix Section H.4 that MBA peers are important professional contacts for women in our sample;

on average, representing 27% of their closest contacts in the 20 years after graduation.

5.2.3 Compensation and Career Satisfaction

Before exploring the underlying mechanisms that drive this increase in senior management, we
investigate whether female peers also affect compensation and career satisfaction. In this section,
we find that while the effect on overall compensation is imprecisely estimated and not statistically
significant, women with more female peers report higher career satisfaction.
Compensation

Because we cannot directly observe compensation in the LinkedIn data, we leverage our Glass-

door dataset to infer expected compensation based on firm, job title, and gender.®

Using this
measure, we show in Online Appendix Table A.10 that there is a gender gap in imputed compen-
sation of 33% among the MBA graduates of our sample. Table 4 examines the effect of female
peers on imputed compensation, self-reported compensation from our survey, and firm average
compensation. Column (1) shows a positive effect, although not significant, on log total annual
compensation. Columns (2) and (3) decompose compensation into its base and non-base compo-
nents and show that the positive effect is driven by the non-base component: a one SD increase
in female share represents a 12 log point increase in non-base compensation, consistent with the
importance of bonus pay in management roles.

Given potential measurement error in imputed compensation, we also provide the estimates

for total compensation using the survey data we have collected in Column (4).>® We find limited

33See Section 3.6.
36To reduce the length of the survey, we only asked for compensation in the current position so we do not have a
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evidence of an effect on total compensation, although the standard errors are large. At the same
time, Columns (4) and (5) suggest a negative, but insignificant, effect on average imputed firm
compensation.

Career Satisfaction

In Online Appendix Section H.11, we use the survey results to explore whether career sat-
isfaction depends on the gender composition of MBA section peers. We find that female MBA
graduates with more female peers report higher career satisfaction. This positive association indi-
cates that the gender composition of an MBA section can contribute not only to career progression
of women, but also to the perceived quality of their professional experiences.

Our findings underscore the role of female peers in reducing the gender gap in corporate lead-
ership and enhancing women’s career satisfaction. However, we have more mixed evidence on the
impacts for compensation. Due to our data limitations, we cannot fully assess the possibility that
female peers help women advance into leadership roles at potentially less lucrative firms or with
lower pay. These results may be consistent with the findings in Thomas (2024), which shows a pos-
itive relationship between male MBA peers and compensation for women. Further investigation

on how peers affect compensation would be an interesting avenue to explore for future research.

5.2.4 Job Characteristics of Senior Managers

Next, we explore whether female peers lead women to become senior managers in certain types
of firms, functions, or industries. In Online Appendix Figures A.2 and A.3, we summarize the
effects on job characteristics for female graduates in senior management roles and in any roles,
respectively. While we find little evidence that female peers affect firm size, functions, or industry
choice, we will show that the increase in senior managers is driven by male-dominated industries.
Firm Size

We first show that the increase in senior managers does not come from a shift in employment

panel dimension for this outcome.

25



towards smaller firms. Online Appendix Figure A.2, Panel A, shows that female peers significantly
increases women’s likelihood of being a senior manager in both small (less than 500 employees)
and large firms (greater than 5,000 employees), suggesting that women are not only being promoted
in smaller firms where it may be easier to reach higher positions. Online Appendix Figure A.3 also
indicates that female peers do not affect the firm size of companies where female graduates are
employed.

Consistent with these findings, as well as the results on firm-level compensation reported in the
previous section (Section 5.2.3), in Online Appendix Table A.11, we show that our main results
on senior management are robust when we estimate equation (1), controlling for firm size and firm
average compensation.

Job Function

We then explore effects on job functions, focusing on Profit and Loss (P&L) functions. Workers
with P&L responsibilities monitor the net income after expenses for a department or an entire
organization, with direct influence on how company resources are allocated. These responsibilities
have been shown to be essential for promotions into top executive positions (Larcker and Tayan,
2020).%” Online Appendix Figure A.2, Panel B, shows that the increase in female senior managers
is also associated with an increase in female senior managers with P&L responsibilities. However,
Online Appendix Figure A.3, Panel B, shows the increase is not due to more women entering into
positions with these responsibilities in general, suggesting that the rise in female managers with
P&L responsibilities is not driven by a broader trend of women moving into these roles as a result
of having more female peers.

Industry
Finally, we explore whether the increase in senior managers is driven by higher rates of pro-

motion for women in male- or female-dominated industries. As shown in Online Appendix Figure

37We identify P&L positions as those in General Management, Operations/Logistics, Product Management, Sales
or Strategic Planning.
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A4, there exists substantial gender variation in industry choice. We define male-dominated in-
dustries as those where women are underrepresented relative to their share in the MBA program,
36%. Specifically, we categorize consulting, tech, and finance as male-dominated industries, while
consumer goods and healthcare are categorized as female-dominated.

Online Appendix Figure A.2, Panel C, shows that female share leads to a significant increase
in the probability of becoming a senior manager in a male-dominated industry, with no effect
for becoming a senior manager in a female-dominated industry. The difference between the two
coefficients of interest is significantly different at the 3% level.

Moreover, Panel C of Online Appendix Figure A.3 shows that there is no significant effect on
entries into male-dominated industries. These results provide suggestive evidence that the increase
of senior managers in male-dominated industries is driven by higher promotion rates of women
in these industries, where women may face additional barriers in accessing informal networks and

may therefore rely more on their MBA female peers.

5.2.5 Attachment to the Corporate Pipeline

Having explored the job characteristics of senior managers, we next investigate whether our results
reflect stronger attachment to the corporate pipeline. We examine effects on (i) employment and
career breaks, (ii) entry into the managerial positions, and (iii) self-employment.

Online Appendix Table A.8, Columns (4) and (5), shows limited effects on employment or
career breaks. We define a career break as a gap between the end and start dates of two consecutive
positions of at least a three-month period.*® In line with these results, using our survey data, we
also find limited evidence that female peers affected nonemployment, maternity leave duration, or

the incidence of career breaks, although these estimates are imprecise due to sample size.

381t is worth noting that career breaks may not be listed on the CV if they are temporary leaves of absence from the
firm, such as the case of parental leaves. As a result, the CV data likely underestimate the number of career breaks.
For example, the average cumulative number of months in nonemployment inferred from the CV data is 2.3 months
at the end of 9 years, compared to 6.8 months Bertrand, Goldin, and Katz (2010) documented in their sample of MBA
graduates. See Table 1 of Bertrand, Goldin, and Katz (2010).
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We then test whether female peers increase women’s likelihood of entering management po-
sitions (including first-level positions), which would lead to a subsequent increase in senior man-
agement. Online Appendix Table A.8 Column (6) however, shows no significant effect on holding
any managerial position.

Finally, we ask whether female peers may increase promotion rates into senior managerial
positions by affecting the likelihood of self-employment.*® There is suggestive evidence that
women may use self-employment as a way to work part-time or lower hours and have a better
work-life balance (Bertrand, Goldin, and Katz, 2010). Retention of women who would otherwise
enter self-employment could therefore contribute to the observed increase in female senior man-
agement. However, in Online Appendix Table A.8 Column (7), we find no significant effect on

self-employment.

6 Female Peers and Female-Friendly Firms

How do female peers help women advance into senior corporate leadership positions? In this
section, we explore the role of firm characteristics and show that our results are driven by female-
friendly firms. Section 5.2.4 showed that the increase in female senior managers cannot be ex-
plained by changes in firm size or firm-level compensation. However, firms may differ along other
dimensions that can be beneficial for women’s career advancement. In particular, a growing litera-
ture has documented the importance of female-friendly workplaces for the labor market outcomes
of women (e.g., Hotz, Johansson, and Karimi, 2018).
Characteristics of Female-Friendly Firms

We identify female-friendly firms using crowdsourced employee ratings from InHerSight (IHS).
These ratings capture female employees’ perceptions of workplace attributes such as maternity

leave generosity, flexible work arrangements, and professional support. We classify a firm as

¥ Our definition of senior manager does not include entrepreneurs.
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female-friendly if it has an above-median IHS rating. Using our survey data, we also find that the
IHS rating is strongly correlated with female MBA graduates’ perceived level of overall female-
friendliness of the firm (Online Appendix Section H.5). In Online Appendix Section B.6.4, we
show that female-friendly firms are present in both male- and female-dominated industries, and do
not differ significantly from other firms in size or average compensation.

Online Appendix Figure A.5 presents descriptive evidence that female MBAs are more likely
to hold senior management positions in female-friendly firms compared to those in non-female-
friendly firms. The divergence emerges around eight years after graduation, a period that coincides
with increased childcare responsibilities for many women. Although it is beyond the scope of this
paper to identify the causal impact of working at a female-friendly firm on women’s careers, these
descriptive results suggest a positive relationship between working at a female-friendly firm and
progressing into senior management.

Senior Managers in Female-Friendly Firms

Motivated by these patterns, we explore how much of the overall impact of female peers can
be explained by women gaining senior leadership positions in these female-friendly firms. Table
5, Column (1), shows that female peers significantly increase women’s likelihood of becoming
a senior manager in a female-friendly firm, while they do not affect the probability of becoming
a senior manager in a non-female-friendly firm (Column 2).*° The difference between the two
coefficients is significant (p-value= 0.014). In Online Appendix Section G, we show that work
schedule flexibility, family-friendliness, and professional enrichment are the primary components
driving these effects.

Together, these results suggest that our overall effects on senior management are driven by
female-friendly firms, implying complementarities between female peers and promotion in these

types of firms. For example, female peers may have a comparative advantage in identifying firms

“OIn Online Appendix Figure A.6 and Online Appendix Table A.12, we show these results are robust to using
alternative measures of female-friendliness from other data sources, such as weeks of paid maternity leave.
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that are more friendly towards women, or they may provide women with the necessary advice to
take advantage of the female-friendly policies like maternity leave. Female peers may also raise
women’s ambitions, leading them to seek out more female-friendly firms where they may be more
likely to be promoted. We explore these mechanisms in Section 7.

Entries vs. Promotion

The increase in senior managers in female-friendly firms may reflect both higher entry into
these firms and higher promotion rates once employed. We present evidence that entries play a
nontrivial role in these results.

Table 5, Column (3), shows no effect on the likelihood of working at a female-friendly firm,
though estimates are imprecise. However, this null result masks heterogeneity along the career
path. In Figure 7a, we plot the regression estimates for working in a female-friendly firm over time
since graduation. There is an increasing effect on women joining female-friendly firms beginning
six to seven years after MBA graduation. This timing coincides with both the rise in female
senior managers in these firms (Figure 7b) and the period when many women have young children.
Survey evidence shows that 50% of graduates have children within five years of graduation (Online
Appendix Figure H.5).4!

Moreover, while we document increased entry into these firms, our results do not rule out
higher promotion rates for women. In Table 5 Columns (4) and (5), we study the likelihood of
becoming a senior manager conditioned on working in a female-friendly firm or a non-female-
friendly firm. We find a positive impact for women in female-friendly firms, suggesting that pro-
motion can play a role. However, we acknowledge that these results are endogenous to women’s

decision of firm choice and should be interpreted with caution.*?

4IThis pattern of childbirth is also similar to the results found by Bertrand, Goldin, and Katz (2010) in their study
of University of Chicago MBA graduates.

“’Note that we cannot rule out that these results may also capture the impact of female managers on these female-
friendly firm policies. The InHerSight data is collected in 2021, which in some cases is many years after the women
in our sample have been promoted to senior management. Female peers potentially increase women’s likelihood of
becoming senior managers, and in turn, these female managers implement policies that make the firm more female-
friendly today. In results not reported but available upon request, we find that the estimates are very similar when we
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7 Mechanisms

Our results show that access to a higher share of female peers helps women advance into senior
management positions. In Section 6, we show that female peers increase women’s likelihood of
joining female-friendly firms and being promoted within them. To understand the mechanisms
underlying the treatment effects, we conduct a survey of the full sample of female MBA graduates
in our study.** The results of the survey, combined with evidence using the LinkedIn data and
administrative school records, suggest that a larger share of women in the MBA peer group sup-
ports the careers of female MBAs through three main channels: (i) information sharing, especially
gender-specific information, (ii) raising ambitions and self-confidence, and (iii) increasing support

from male MBA peers.*

7.1 (Gender-Specific) Information

A longstanding literature in economics identifies information exchange and referrals as key drivers
of the importance of social networks in labor markets (e.g Bayer and Topa, 2008; Beaman and
Magruder, 2012; Schmutte, 2015; Beaman, Keleher, and Magruder, 2018; Barwick et al., 2023).
We begin by providing evidence that information-sharing also plays a crucial role in our results.
Figure 8 shows the survey responses from female MBA graduates for the question “To what degree
has your female (male) MBA network helped your professional career by providing the following

types of support?”* For information-related support, except for job referrals, women rely rel-

restrict to only large firms with over 5,000 employees, where any single manager may be less influential. This suggests
that this explanation is unlikely to explain these results.

“3This survey is informed by a series of qualitative interviews. Results from the interviews are provided in Online
Appendix Section I.

4 A word of caution is warranted due to the issue of multiple hypothesis testing as we examine several outcomes
based on the survey results. As a result, in all tables with survey results, we adjust for multiple hypothesis testing
to minimize the false non-discovery rate (FNR) following Benjamini and Hochberg (1995) and Anderson (2008).
Sharpened g-values are presented by each outcome grouping.

“This question was asked twice to each female graduate, once referring to the female MBA network and once
referring to the male MBA network.

31



atively more on their female MBA peers across all categories. Importantly, female MBA peers
are more likely to offer gender-specific advice and information to women, including guidance on
work-life balance and assistance in identifying female-friendly firms.*6

We provide two additional pieces of evidence supporting the hypothesis that women provide
gender-specific information relevant for their careers. First, we document that women in sections
with more female peers are less likely to experience adverse effects of children on their work
and career. Consistent with prior literature (Bertrand, Goldin, and Katz, 2010; Kleven, Landais,
and Sggaard, 2019), female MBA graduates in our sample faced considerable challenges balanc-
ing work and family responsibilities after having children. Nearly 92% of all respondents made
changes in their work as a result of having children, such as reducing work hours. Moreover, 72%
of respondents also experienced adverse effects at work, including delayed promotions.*’

In Table 6, we investigate the effect of female peers on the work impact of children. We find
that a four percentage point (1SD) increase in female share leads to a suggestive 6% decline in the
likelihood that female MBAs experience any effects of children on work choices and a 9% decline
in any adverse effects of children at work.*® Online Appendix Figure H.4 presents the analogous
results by type of work impacts and shows that the declines are driven by lower likelihood of
reducing work hours, change of sectors, and loss of clients as a result of children. These results
suggest that female MBA peers may provide advice and information that help women combine
their work and family responsibilities.

Second, we present evidence of job referrals or firm-related information sharing among female
MBA classmates. Although referrals cannot be directly observed in the LinkedIn data, we provide

supporting evidence using our CV data. We employ the dyadic analysis from Bayer and Topa

46In our qualitative interviews, around 64% of women mention gender-specific advice as a key support channel. For
example, a female graduate from the class of 2015 said “If I receive an offer, I'm comfortable talking to a [female]
friend [...] I'd ask how maternity leave works or generally what the female community looks like and what the support
is. I probably wouldn’t ask those questions [to a hiring manager] in the off chance the person uses this as a red flag.”

47See Online Appendix Figures H.2 and H.3 for the underlying categories. These survey questions were adapted
from Azmat and Ferrer (2017).

“8These results, however, are not significant after adjusting for multiple hypothesis testing.
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(2008) and Schmutte (2015) to test if graduates are more likely to work in the same firm as a class-
mate when they belong to the same section and share the same gender. If female peers facilitate
referrals or firm-related information flows, then female students should be relatively more likely
to work at the same firm as a female peer than as a male peer. To investigate this effect, we con-
struct a dyadic dataset matching each graduate to all same-cohort classmates. We then estimate the

following:

yij = cpSameSection; ; x BothMales; j + apSameSection; ; x BothFemales; ;

+ azSameSection; ; + cuBothMales; j + asBothFemales; j + 0. + ¢ +u;j  (2)

where y; ; 1s a dummy that takes value 1 if the MBA graduate 7 and his or her classmate j work in
the same firm. SameSection is a dummy that takes value 1 if 7 and j were in the same section.
BothMales is a dummy that takes value 1 if 7 and j are both men, and analogously, Both F'emales
is a dummy that takes value 1 if ¢ and 5 are both women. We also include class fixed effects, o,
and firm fixed effects, ¢s. Because sections are exogenously assigned, «3 measures the causal
effect of having a connection from the same section on the likelihood of joining the same firm.
The parameters of interest are «r; and a, which provide the differential effect of coming from the
same section and being both men or both women, respectively. We use two-way clustering, and
cluster at the person-person level. Following Shue (2013), we also report p-values obtained from a
placebo exercise in which we randomly assign students from the same graduating class to sections.
Online Appendix Section J discusses the estimation of standard errors in detail.

Table 7 Column (1) reports estimates from equation (2). While we do not find an effect for
men, female classmates are more likely to work in the same firm if they come from the same sec-
tion. Column (2) shows that these results are driven by female-friendly firms, providing additional

suggestive evidence that female peers may help women enter female-friendly firms.
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7.2 Ambitions and Self-Confidence

We next explore the role of ambitions and self-confidence, which the literature has identified as po-
tential drivers of the gender gap in male-dominated fields and managerial positions (Kirkpatick and
Locke, 1991; Rosenthal, 1995; Rosenthal, Guest, and Peccei, 1996; Carlana, 2019). Female peers
may raise women’s ambitions and self-confidence by providing a larger support system. For in-
stance, recent studies indicate that greater female representation increases leadership opportunities
for women (Karpowitz et al., 2024), as well as their willingness to take on leadership roles (Born,
Ranehill, and Sandberg, 2022). Consistent with this hypothesis, Figure 8 shows that female MBA
respondents report receiving greater increase in ambition, role modeling, and emotional support
from female peers than from male peers. Indeed, in our qualitative interviews, the most frequent
form of support (82%) mentioned by interviewees is emotional support from female peers, which
in turn fosters their ambitions and self-confidence. For example, when referring to her female
classmates, a female MBA alumna from the class of 2011 said, “Having seen my peers do re-
ally interesting things that have leadership positions and also start their own companies, I think it
definitely encourages me as well.”

To further shed light on this mechanism, we ask MBA alumni whether they would like to be-
come top executives and in which position they expect to be in five and ten years (non-managerial,
low-level manager, director, VP, SVP, C-suite, or not Working).49 Online Appendix Table H.4
shows a positive, albeit imprecisely estimated, effect on all three measures. In particular, Column
(3) shows that a 1SD increase in female share corresponds to a 9% increase (significant at the 10%
level) in the likelihood that female graduates see themselves as an SVP or C-level executive within

ten years, providing evidence of a positive effect of female peers on ambition and self-confidence.

#This question is adapted from Lean In and McKinsey & Company (2015) and Lean In and McKinsey & Company
(2019). SVP or higher corresponds to above the median in the answer distribution.
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7.3 Male MBA Peer Support

Figure 8 shows that, on average, female MBA peers are more supportive of women in our sample
than their male MBA peers. Consequently, women in sections with a higher female share would
have more support due to the gender composition of their peer group. At the same time, increasing
female share in the MBA section may also affect the support provided by both female and male
peers.

Figure 9 plots the coefficients from regressing survey responses for the type of MBA peer
support on the female share in the section, while controlling for class fixed effects. Figure 9a
shows that increasing female peers generally does not change the support women receive from
female peers. One exception is that a higher female share is associated with women reporting that
their female MBA peers increased their ambitions and enhanced their overall MBA experience.

Interestingly, Figure 9b shows that women perceive greater support from male peers along mul-
tiple dimensions if they have more women (and, correspondingly, fewer men) in their section. One
potential explanation is that increasing female representation in their MBA section may have raised
women’s confidence and assertiveness in asking for career support from their male classmates. An
alternative explanation is that greater female representation may have changed male attitudes to-
wards their female classmates. This effect would be consistent with evidence that increased female
representation in traditionally male-dominated settings can effectively change men’s gender atti-
tudes (Dahl, Kotsadam, and Rooth, 2021; Battaglini, Harris, and Patacchini, 2023). Although we
cannot directly test this hypothesis, as we did not survey male MBA graduates, Figure 9b shows
that women perceive a strong increase in male MBA support to a more positive MBA experience.
This suggest that a more gender-diverse educational environment may have resulted in more posi-

tive gender attitudes and enhanced support from male peers.
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7.4 Alternative Explanations

In this section, we discuss alternative explanations for which there is more limited evidence of how
female peers may have influenced women’s likelihood of entering senior management roles.
Negotiations

Prior research highlights gender differences in negotiation as a key contributor to gender gaps in
career outcomes (Recalde and Vesterlund, 2023). In our setting, female MBA peers may increase
women’s confidence in asking for a raise and promotion. Female peers may also provide infor-
mation or advice about negotiating, which can also increase the likelihood of a promotion. In our
survey, we ask MBA alumnae whether they negotiated any component of their compensation, and
whether they asked and/or obtained a raise or promotion. Results are reported in Online Appendix
Table H.5. We find that a 1SD increase in female share leads to a 29% increase in the likelihood of
negotiating for a promotion and a suggestive increase in negotiating for a raise.”® However, condi-
tional on negotiating, we find no significant effect on successful negotiation, although the sample
size is small. These results suggest that women are more likely to initiate negotiations when they
have a higher proportion of female peers, which can lead to positive impacts on advancement into
senior management.
Network Composition

We explore whether the increase in female peers leads to changes in the composition of profes-
sional networks of female MBA graduates in Online Appendix Table H.2. We find that the share
of female peers is not correlated with an increase in women among their ten closest MBA contacts
(Column 1), nor an increase in female section peers among their closest MBA contacts (Column 2).
However, we observe a significant positive increase in female section peers among closest female
MBA contacts (Column 3), suggesting a potential stronger bond with female section mates.>!

However, Column (4) shows that, among their ten closest professional contacts (not necessarily

0The result for raise negotiation is insignificant once we account for multiple hypothesis testing.
>IThese results are insignificant once we account for multiple hypothesis testing.
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from their MBA), there is not a significant change in the share of women nor the share of MBA
peers. In addition, Columns (7) and (8) show that female graduates with more female peers are
not more likely to attend alumni reunions, suggesting that they are not more attached to the MBA
program. These results suggest that changes in the gender or MBA composition of their networks
are unlikely to be the key drivers of the overall effect.
Marriage and Fertility

We also leverage the survey data to explore whether female peers influenced marital and fer-
tility decisions. In Online Appendix Table H.7, we find no significant effect of female peers on
likelihood of marriage or on fertility. We find a decrease in likelihood of meeting a partner from
the MBA, although this result does not survive adjustment for multiple-hypothesis testing. Given
the small sample size of the survey, the coefficients in these regressions are imprecisely estimated
and we cannot rule out the possibility that changes in marital status or fertility may partly drive our
results.
MBA Education

We next examine whether changes in the MBA educational experience can be a potential mech-
anism. Bertrand, Goldin, and Katz (2010) have shown that higher GPA and coursework, especially
electives in finance, during the MBA are key predictors for postgraduate earnings. This may also
reflect higher job seniority and greater management responsibilities. To test this hypothesis, in
Online Appendix Table A.13, we use the school administrative dataset for the classes of 2011 to
2018 to study whether a higher proportion of female peers leads to a change in overall and core
GPA. We find limited evidence of female peers on overall grades. In Online Appendix Table A.14,
we investigate whether female peers influenced the choice of elective courses. We find that having
more female peers increases women’s share of elective courses in management, while decreasing
their elective courses in operations, with no impact on finance courses. This change in coursework

may partly influence the later career outcomes of women. However, because we do not have course
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records information for cohorts graduating prior to 2010, we are hesitant to generalize these results
to the earlier cohorts.
First Placement

Finally, we explore the role of first post-MBA placement which, in turn, can have persistent ca-
reer effects. Previous studies have shown that initial job placement has important and long-run ef-
fects on career trajectories (Kahn, 2010; Altonji, Kahn, and Speer, 2016; Rothstein, 2021; Thomas,
2024). However, Online Appendix Table A.15 shows that there is no effect of female peers on the
probability of being a senior manager in the first year post MBA (Column 1). Moreover, we find
no impact on the type of firms and industries graduates join as first post-MBA placement. Specifi-
cally, Columns 2 and 3 show no effect on the probability of working in male-dominated industries
or in female-friendly firms, respectively. Finally, female peers do not affect the firm size and firm
average compensation of the first post-MBA job (Columns (4) and (5)). In line with the results
on MBA academic performance, these findings suggest that the role of female peers on career

outcomes is more relevant in the years following MBA graduation.

8 Conclusion

This paper provides new causal evidence on whether access to a larger network of female peers
during the MBA provides a pathway to senior leadership positions for women. We combine school
administrative records of MBA graduates from a top U.S. business school with CV data from a
large professional social media platform. Importantly, these data contain detailed job positions
that allow us to track individuals’ progression along the management pipeline.

Descriptive results show that female MBA graduates are 24% less likely to hold a senior man-
agement position (VP, Director, SVP, or C-level) even though they are equally as likely as male
MBAs to enter the management pipeline. They begin their careers in lower levels compared to men,

and they are 26% less likely to be promoted into higher positions from first-level management.
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Using the exogenous assignment of MBA students to sections, we show that increasing the
proportion of female section peers raises the probability of holding a senior management position
for female MBA graduates. However, there is no effect for male MBA graduates. A 4 percentage
point (1SD) increase in female share reduces the gender gap in senior management by 26%. These
results are not driven by an increase in the attachment to the corporate pipeline and are concen-
trated in industries where women are underrepresented (i.e., male-dominated industries) and where
women may rely more on their female MBA peers.

We find that a larger share of female peers increases the rate at which women become senior
managers specifically in female-friendly firms. This effect is largely explained by a higher entry
rate in the later part of women’s careers, when they are likely to have children.

In the final part of the paper, we conduct a survey of the full sample of female MBA graduates
in our study to provide evidence of the mechanisms underlying our main results. Our findings show
that female peers help women advance into senior management positions through (i) information
sharing, (ii) raising ambitions and self-confidence, and (iii) increasing support from male MBA
peers. Women with more female peers receive gender-specific advice, experience fewer adverse
career effects from having children, and are more likely to work in the same firms as their female
section peers. Additionally, female peers raise women’s ambitions and self-confidence, providing
emotional support and acting as role models. Interestingly, we also document that male MBA peers
are perceived as more supportive as the female representation in the section increases.

Overall, our findings point at the critical role of the gender composition of MBA peers in

shaping long-run career outcomes for women, particularly in achieving senior leadership positions.

YALE SCHOOL OF MANAGEMENT, UNITED STATES
UNIVERSITY OF MICHIGAN ROSS SCHOOL OF BUSINESS, UNITED STATES, AND CESIFO,
GERMANY
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Tables

Table 1: Match Statistics

Data Source Match Rate Share x Male Share x Female
With With
No Class(-Year) No Class(-Year)
All Male Female Controls FE Controls FE
A. Individuals (Person-Level) — Cohorts 2000-2008, 2010-2018

With Alumni Profiles - 2000-2010 Only  0.953 0.971 0.914 0.115 0.065 -0.287%: -0.108
(0.109) 0.117) (0.124) (0.149)

With LinkedIn Profiles 0.769 0.787 0.734 -0.376 0.058 -0.278 0.051
(0.228) (0.147) (0.236) (0.168)

B. Firms (Person-Year Level) — Cohorts 2000-2008, 2010-2018

With LinkedIn Company Profiles 0.858 0.866 0.841 0.109 -0.259* 0.390%* -0.097
(0.151) (0.135) (0.216) (0.194)

With Glassdoor 0.680 0.677 0.688 0.113 -0.300 0.478%*%* -0.031
(0.204) (0.212) (0.177) (0.146)

With InHerSight 0.540 0.524 0.574 0.206 -0.329* 0.434 -0.179
(0.220) (0.185) (0.269) (0.245)

With FairyGodBoss 0370 0365 0.381 0.247 -0.368%** 0.479 -0.288
(0.240) (0.162) (0.287) (0.209)

With Women On Boards 0.317 0303 0.345 0.015 -0.099 0.246 0.001
(0.100) (0.146) (0.156) (0.227)

Notes: This table reports match statistics for linking our MBA graduate sample to various external data

sources. Sources include MBA administrative records, alumni directories, public LinkedIn profiles, and
firm-level data from LinkedIn, Glassdoor, InHerSight, FairyGodBoss, and 50/50 Women on Boards. Panel

A focuses on individuals (person-level observations), while Panel B focuses on firm-year observations. For

each data source, we report (i) the overall match rate and the match rate by gender, and (ii) regression

coefficients that document whether males or females are differentially likely to be matched. The last four

columns report the coefficients on FemaleShare x Male and FemaleShare x Female from estimating
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(1), where the dependent variable in each column is a dummy if the individual is matched to the specified
dataset. For the “No Controls” estimation, we do not include any additional controls beyond a female
dummy. For the “With Class(-Year) FE” estimations, we include class fixed effects interacted with the
female dummy for Panel A, and we include class fixed effects interacted with the full set of calendar year
dummies and the female dummy for Panel B. Standard errors reported in parentheses are clustered at the
class level. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table 2: Randomization Tests

(a) Randomization Test (Guryan, Kroft, and Notowidigdo, 2009)

2000-2018 2011-2018
(D (2) 3) “4)
No Controls With Controls No Controls With Controls

Average(X), Section Peers 0.00172 0.00170 0.0336 0.0339

(0.0155) (0.0154) (0.0289) (0.0290)
Average(X), Class Peers -278.0%** -278.0%** -258.5%** -258. 5%

(2.750) (2.751) (3.301) (3.303)
R? 9868657 9868709 9892842 .9892892
N 5087 5087 2090 2090
Class FE Yes Yes Yes Yes

(b) Randomization Test (Caeyers and Fafchamps, 2024)

2000-2018 2011-2018
(1) (2) (3) 4)
No Controls With Controls No Controls With Controls
Female share -0.866 -0.928 -0.574 -0.588
(0.635) (0.654) 0.917) (0.876)
R? 0.0188 0.00751 0.0145 0.00360
N 5087 4365 2090 1989
Class FE Yes Yes Yes Yes

Notes: Panel A presents the coefficients from regressing a female dummy on the share of female sec-
tion peers and the share of female class peers, at the individual level, following the randomization test in
Guryan, Kroft, and Notowidigdo (2009). The dependent variable is a female dummy. Panel B presents the
coefficients from regressing an adjusted female dummy on the share of female section peers, following the
randomization test in Caeyers and Fafchamps (2024). The dependent variable in all columns is a female

dummy, adjusted by the bias correction term. Estimations in columns (2) and (4) of both panels also include
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indicators for having attended a top-20 U.S. undergraduate university based on U.S. News Ranking, having
any senior management experience, and having worked in finance. Sample includes students of the graduat-
ing classes 2000-2018, excluding 2009. MBA section assignments and student characteristics are obtained
from administrative records. Standard errors are clustered at the section level in Panel A, following Guryan,
Kroft, and Notowidigdo (2009), and at the class level in Panel B, following Caeyers and Fafchamps (2024).
*p < 0.10, ¥* p < 0.05, #** p < 0.01.
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Table 3: Effect of Female Peers on Senior Management

(1) (2) 3) 4)
Senior-Level Senior-Level Senior-Level Senior-Level

Manager Manager Manager Manager
Female share x Male -0.0885 -0.0903 -0.102 0.0315

(0.0916) (0.0917) (0.0937) (0.115)
Female share x Female 0.674%*%* 0.673%** 0.681*** 0.822%*%*

(0.182) (0.182) (0.183) (0.204)
p-value Male vs. Female 0.000 0.000 0.000 0.000
Female Mean 0.391 0.391 0.391 0.391
Male Mean 0.534 0.534 0.534 0.534
R? 0.166 0.166 0.172 0.173
N 51440 51440 51440 51440
Class x Year x Female FE Yes Yes Yes Yes
Stratification Controls No Yes Yes Yes
Pre-MBA Characteristics Controls No No Yes Yes
Section-level Controls No No No Yes

Notes: In Table 3, we present the coefficients for men and women from estimating equation (1) pooling
together all years since graduation. The dependent variable is a dummy for holding a senior-level manage-
ment position. Column (1) includes class fixed effects, year-since-graduation fixed effects, class-by-year
fixed effects, a female indicator, and all corresponding gender interactions. In Column (2) we also control
for an indicator for having attended a top 20 U.S. undergraduate university based on U.S. News Ranking
and its interaction with a female dummy. Column (3) also includes indicators for having any senior man-
agement experience, having worked in finance, as well as their interactions with a female dummy. Column
(4) is our preferred specification and it also includes a series of section-level characteristics: share of section
with management experience, senior-level management experience, worked in finance, worked in consult-
ing, worked in other industries, worked in a P&L role, white, and foreign. Sample includes students of the
graduating classes 2000-2018, excluding 2009. Observations are restricted to the first 15 years since gradu-
ation. Peer composition is constructed from administrative MBA records, and senior management outcomes
are derived from public LinkedIn career histories. Mean female share of a section is 34%; one standard
deviation is 4 percentage points. Standard errors are clustered at the section level. * p < 0.10, ** p < 0.05,
ek p < 0.01.
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Table 4: Effect of Female Peers on Compensation

(1) (2) (3) 4) %) (6)
Average Firm
Log Total Log Base Log Non-Base Log Total Average Firm  Senior Manager
Annual Annual Annual Annual Total Annual Total Annual
Compensation Compensation Compensation Compensation Compensation Compensation
(Imp.) (Imp.) (Imp.) (Survey) (’000s) (’000s)
Female share x Male -0.0290 -0.0722 0.401 -850.1 -11908.6
(0.355) (0.251) (0.812) (557.1) (7720.6)
Female share x Female 0.417 -0.146 3.176%** -0.248 -639.4 -9252.0
(0.449) (0.339) (1.093) (1.032) (425.9) (5824.0)
p-value Male vs. Female 0.389 0.851 0.030 0.320 0.335
Female Mean 11.591 11.375 9.640 12.619 152.985 361.564
Male Mean 11.966 11.622 10.465 206.503 980.066
R? 27 268 215 134 .0134 .0148
N 26567 26567 26567 155 34461 27582
Class x Female FE Yes Yes Yes Yes Yes Yes
Class x Year x Female FE Yes Yes Yes No Yes Yes

Notes: We present the coefficients for men and women from estimating equation (1), pooling together all years since graduation. The
dependent variables are log total imputed annual compensation (Column 1), log imputed base annual compensation (Column 2), log imputed
non-base annual compensation (Column 3), log annual compensation from survey (Column 4), average firm-level compensation (Column
5), and average firm-level compensation for senior managers (Column 6). Imputation of compensation is based on the firm, gender, and
management position using the Glassdoor data. See Online Appendix Section B.5 for additional details on the imputation method. Refer to

Table 3 for the full set of control variables. Note compensation from the survey is collected only at the time of the survey and only for female
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alumnae. As a result, the regression estimates reported in Column 4 comes for regressing log annual compensation on female share and
class fixed effects only. Sample includes students of the graduating classes 2000-2018, excluding 2009. Observations are restricted to the
first 15 years since graduation. Compensation data are drawn from Glassdoor and the alumni survey, and career histories are obtained from
public LinkedIn profiles. Mean female share of a section is 34%; one standard deviation is 4 percentage points. Standard errors clustered at

the section level. * p < 0.10, ** p < 0.05, *¥** p < 0.01.
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Table 5: Effect of Female Peers on Probability of Senior Management in Female-Friendly Firms

(1 2) 3) 4) )
Senior Manager Senior Manager
Senior Manager Senior Manager Working in Restricted to Restricted to
in Female-Friendly in Non-Female-Friendly a Female-Friendly Female-Friendly Non Female-Friendly

Firms Firms Firm Firms Firms

Female share x Male -0.0325 -0.319 -0.0105 -0.157 -0.518

(0.363) (0.389) (0.496) (0.328) (0.553)

Female share x Female 1.243 %% -0.468 0.857 1.1907%#* -0.418

(0.394) (0.402) (0.915) (0.418) (0.831)

p-value Male vs. Female 0.003 0.741 0.343 0.007 0914
Female Mean 0.161 0.118 0.532 0.303 0.252
Male Mean 0.238 0.186 0.542 0.439 0.407
R? 167 242 123 314 504
N 28505 28505 28505 20893 7612
Class x Year x Female FE Yes Yes Yes Yes Yes

Notes: We present the coefficients for women from estimating equation (1) pooling together all years since graduation. The dependent
variables are holding a senior-level management position in a female-friendly firm (Column 1), holding a senior-level management position
in a non female-friendly firm (Column 2), and working in a female-friendly firm (Column 3). The dependent variables in Column 4 and 5
are holding a senior-level management position. Column (4) restricts to only individuals working in female-friendly firms, while Column
(5) restricts to only individuals in non-female-friendly firms. Estimates include class fixed effects, year fixed effects class-by-year fixed
effects, indicators for having attended a top 20 U.S. undergraduate university based on U.S. News Ranking, having any senior management

experience, and having worked in finance, as well as their interactions with a female dummy. We also control for the following section-
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level characteristics: share of section with management experience, senior-level management experience, worked in finance, worked in
consulting, worked in other industries, worked in a P&L role, white, and foreign. Sample includes students of the graduating classes 2000-
2018, excluding 2009. Observations are restricted to the first 15 years since graduation. Career histories are obtained from public LinkedIn
profiles, and female-friendly firm measures are derived from InHerSight. Mean female share of a section is 34%; one standard deviation is

4 percentage points. Standard errors clustered at the section level. * p < 0.10, ** p < 0.05, *** p < 0.01.



Table 6: Effects of Female Peers on the Work Impacts of Children

(1) (2)
Any Adverse
Any Effects of  Effects of
Children on Children
Work Choices at Work
Female share -1.267* -1.733*
(0.746) (0.997)
Class FE Yes Yes
Mean 0.918 0.753
SD 0.276 0.433
q-value 0.196 0.123
R? 0.0928 0.0928
N 139 139

Notes: Table 6 reports the coefficients from regressions of two survey-based outcomes on the share of

female MBA section peers. In Column (1), the dependent variable is an indicator whether the respondent

experience any effect of having children on her work choices (see categories in Online Appendix Figure

H.2). In Column (2), the dependent variable is an indicator for whether she experienced any adverse work-

related effect due to having children (see categories in Online Appendix Figure H.3). Outcomes are based

on an original survey of female MBA alumnae conducted in 2023-2024. We include class fixed effects in

both specifications. Sample includes female survey respondents who graduated in 2000-2018, excluding

2009. Mean female share of a section is 34%; one standard deviation is 4 percentage points. Standard errors
clustered at the section level. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table 7: Probability of Entering the Same Firm

(D (2)
Same Section x Mixed Gender 0.0000381  -0.000638
(0.000257) (0.000474)
[0.648] [0.000]
Same Section x Both Males -0.0000915  0.0000715
(0.000322) (0.000458)
[0.419] [1.000]
Same Section x Both Females 0.00127**  -0.000131
(0.000630) (0.000921)
[0.000] [1.000]
Same Section x Both Males x Female-Friendly Firm -0.000296
(0.000644)
[0.991]
Same Section x Mixed Gender x Female-Friendly Firm 0.000381
(0.000691)
[0.583]
Same Section x Both Females x Female-Friendly Firm 0.00282%**
(0.00140)
[0.000]
p-value Both Male vs. Both Female .03049 .04353
Female Mean .006402 .006402
Male Mean .006242 .006242
R? 0.041 0.051
N 12,366,804 7,809,328
Class x Year FE Yes Yes
Firm FE Yes Yes

Notes: We present the coefficients from estimating equation (2). In Column (2), we additionally interact
the coefficients in equation (2) with an indicator of whether a firm is female-friendly. Estimates include
class fixed effects, year fixed effects, class-by-year fixed effects, and firm fixed effects. Dataset created

by matching each MBA graduate (from graduating classes 2000-2018, excluding 2009) with all possible
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classmates of the same graduating year. Observations are restricted to the first 15 years since graduation.
Career histories and firm identifiers are obtained from public LinkedIn profiles, and female-friendly firm
measures are derived from InHerSight. Standard errors with two-way clustering at the person-person level
are reported in parentheses. In squared brackets, we report p-values from the placebo distribution, in which

we randomly assign students to sections 1,000 times. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Figures

Figure 1: Distribution of Female Share across Sections by Graduating Cohort

(a) Histogram
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(b) Boxplot
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Notes: In Figure 1a, we plot the share of female MBA graduates per section by graduating year. In Figure
1b, we present the boxplot of the share of female MBA graduates by graduating year. Sample includes
graduating students from classes 2000-2018, excluding 2009. MBA section-level gender composition is

constructed from administrative records.

61



Figure 2: Representation in the Corporate Pipeline Among MBA Graduates in the First 15 Years
Post-Graduation by Gender

Any Management VP or Director C-Suite

I Male [ Female

4 6 .8

Probability of Ever Holding Position
2
1

Notes: We plot the percentage of male and female graduates who ever held any managerial positions, a
vice president or director position, senior vice president position, and C-level executive position within 15
years since graduation. We display the 95% confidence intervals from the t-test of gender equality. Sample
includes students of the graduating classes 2000-2018, excluding 2009. Career histories and job titles are
obtained from public LinkedIn profiles matched to MBA graduates.
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Figure 3: Probability of Holding a Senior-Level Management Position by Gender
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Notes: In Figure 3, we plot the percentage of male and female MBA graduates who are holding any senior-
level managerial position over time since graduation. Sample includes students of the graduating classes
2000-2018, excluding 2009. Observations are restricted to the first 15 years since graduation. Career histo-

ries and managerial positions are constructed from public LinkedIn profiles matched to MBA graduates.
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Figure 4: Five-Year Transition Probabilities for First-Level Managers by Gender

Probability of Being in Given Position
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Notes: We plot the five-year transition probabilities from first-level managerial positions to non-employment,
non-managerial positions, first-level managerial positions, and senior-level managerial positions by gender.
Sample includes first-level managers from graduating classes 2000-2018, excluding 2009. Observations are
restricted to the first 15 years since graduation. Employment histories, job titles, and transitions are con-
structed from public LinkedIn profiles matched to MBA graduates. Peer composition is constructed from
administrative MBA records, and senior management outcomes are derived from public LinkedIn career

histories.
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Figure 5: Probability of Senior-Level Manager

(a) Only Class Fixed Effects

.55
_ 5
[}
&
c A A
©
=
é 454 Male
ﬂll.) 4 Female
S
c
Q
» 4
.35
A
T T T T
.25 3 .35 4
Female Share of Section Peers
(b) Controls as in equation (1)
454
4
[
(=)
@
c
©
=
E 35 A Male
ﬂlla A Female
S
-
J]
@ 3
254
T T T T
.25 3 .35 4

Female Share of Section Peers

Notes: We plot the binned scatterplot of the relationship between female peers and the probability of becom-
ing a senior manager. Each dot represents the average likelihood of holding a senior management position
within 10-percentile bins of female share. Estimates are separately run for men and women. In Figure 5a,
we control for only class fixed effects. In Figure 5b, both the outcome and female share have been residual-
ized by the full list of controls in our main specification (1). Specifically, we control for class fixed effects,
year fixed effects, class-by-year fixed effects, an indicator for having attended a top 20 U.S. undergraduate
university based on U.S. News Ranking, indicators for having any senior management experience, and hav-

ing worked in finance, as well as their interactions with a female dummy. Finally, we include a series of
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section-level characteristics: share of section with management experience, senior-level management expe-
rience, worked in finance, worked in consulting, worked in other industries, worked in a P&L role, white,
and foreign. Sample includes students of graduating classes 2000-2018, excluding 2009. Observations are

restricted to the first 15 years since graduation.
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Figure 6: Effect of Female Peers on Senior-Level Management Positions By Year Since Graduation
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Notes: In Figure 6, we plot the coefficients for men and women and their 95% confidence intervals from
estimating equation (1) separately for each year since graduation. The dependent variable is a dummy for
holding a senior-level management position. Estimates include class fixed effect, an indicator for having
attended a top 20 U.S. undergraduate university based on U.S. News Ranking, having any senior manage-
ment experience, and having worked in finance, as well as their interactions with female dummy. Finally, it
includes a series of section-level characteristics: share of section with management experience, senior-level
management experience, worked in finance, worked in consulting, worked in other industries, worked in
a P&L role, white, and foreign. Sample includes students of the graduating classes 2000-2018, excluding
2009. Observations are restricted to the first 15 years since graduation. Standard errors are clustered at the
section level. Peer composition is constructed from administrative MBA records, and career outcomes are

derived from public LinkedIn profiles.
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Figure 7: Effect of Female Peers on Female-Friendly Firms by Year Since Graduation

(a) Working in a Female-Friendly Firm (b) Senior Manager in Female-Friendly Firm
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Notes: We plot the coefficients for men and women and their 95% confidence intervals from estimating
equation (1) separately for each year since graduation. In Figure 7a, the dependent variable is a dummy for
working in a female-friendly firm. In Figure 7b, the dependent variable is a dummy for holding a senior-
level management position in a female-friendly firm. Refer to Table 3 for a full list of control variables.
Sample includes students of the graduating classes 2000-2018, excluding 2009. Observations are restricted
to the first 15 years since graduation. Standard errors clustered at the section level. Peer composition is
constructed from administrative MBA records; career histories are obtained from public LinkedIn profiles;

and female-friendly firm measures are derived from InHerSight.
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Figure 8: MBA Peer Support

(a) MBA Support by Gender
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(b) Gender Difference in MBA Support
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Notes: Figure 8a presents average survey responses to the question: “To what degree has your female/male
MBA network helped your professional career by providing the following types of support (on a scale
of 1 to 5, where 1 is not at all and 5 is to a great extent)?” Figure 8b presents the difference in means

69



for female MBA support compared to male MBA support. Sample includes female survey respondents
who graduated in 2000-2018, excluding 2009. Outcomes are based on an original survey of female MBA
alumnae conducted in 2023-2024.
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Figure 9: Effect of Female Peers on MBA Peer Support

(a) Female MBA Support (b) Male MBA Support
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Notes: In Figure 9, we present the coefficients and 95% CI from regressions of survey-based measures
of MBA peer support on the share of female MBA section peers and class fixed effects. Each dependent
variable corresponds to the respondent’s answer to the question: “To what degree has your female (or male)
MBA network helped your professional career by providing the following types of support? Responses
are recorded on a 1-5 scale, where 1 indicates “not at all” and 5 indicates “to a great extent.” The sample
consists of female MBA graduates from the classes of 2000 — 2018 (excluding 2009) who completed the

alumni survey. Outcomes are based on an original survey of female MBA alumnae conducted in 2023-2024.
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